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Aquisição Automática de Informações Lingüísticas

Modelos para grande escala

métodos estatísticos
grandes quantidades de dados
sem preocupação com plausabilidade cognitiva dos
dados, recursos ou algoritmos empregados
foco em Expressões Multipalavras
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Aquisição Automática de Informações Lingüísticas

Modelos Cognitivos-Computacionais
preocupação com plausabilidade cognitiva dos dados,
recursos e algoritmos empregados

dados compatíveis com os vistos por uma criança
dados processados em ordem, com apenas uma passada
pelo corpus
aprendizado dinâmico e online
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Background

Multiword Expressions
Syntactic or semantic properties cannot be derived from
their parts [Sag et al., 2002, Villavicencio, 2005]
phrasal verbs (e.g. come along), nominal compounds (e.g.
frying pan), institutionalised phrases (e.g. bread and
butter )
equivalent in number to single words in speakers’ lexicon
[Jackendoff, 1997]
fixed (ad hoc) vs flexible (touch/find a nerve) expressions
opaque (kick the bucket) vs transparent (eat up) semantics
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Motivation

Challenge for NLP

It is difficult to provide a unified account for the detection of
these distinct but related phenomena.

Grammar Engineering
Lexical coverage is the major barrier to broad-coverage
linguistically deep processing
MWEs comprise a significant part of the missing lexicon

Identification of MWEs
Given a list of sequences of words to distinguish MWEs
(e.g. in the red) from random sequences of words (e.g. of
alcohol and)
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Identification of MWEs

[Zhang et al., 2006]
Error mining based MWE detection
New MWE entries created with automated lexical
acquisition
Grammar coverage improves significantly

[Villavicencio et al., 2007]
Validation steps more thoroughly evaluated: for statistical
approaches there are two important questions

How reliable is the corpus used?
How precise is a statistical measure to distinguish the
phenomena studied?

Grammar accuracy investigated
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